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Abstract

Once talk about Thai native chicken, Pradu Hang Dam is the most domesticated breed
native chicken. However, it has great genetic diversity. Thus, people who has no experience
and expertise hardly to distinguish between purebreds and cross breed. In this experiment,
designed to use deep learning techniques with convolutional neural networks is presented as
an effective image classification technique to solve this problem. Four groups of Pradu Hang
Dam Thai native chicken and crossbreed between Pradu Hang Dam and Leung Hang Khao
were used as follows: purebred male, purebred female, crossbreed male, and crossbreed
female. Image dataset collected 250 images per group, a total of 1,000 images. Four
architectures were tested: LeNet-5, AlexNet, CNN1 and CNN2 with resize to 224x224 pixels and
then trained at 10 and 20 epochs, respectively. From the experiment it was found that using
the LeNet-5 architecture with ReLu and then trained at 20 epochs has the highest training,
validation, and testing accuracy but the CNN2 architecture and then trained at 20 epochs able
to predict the results with 96.67% accuracy. The results showed that the using a simple
architecture of convolutional neural network like CNN2 can efficiently classify Thai native

chicken breeds

Keywords: Deep Learning, Convolutional Neural Network, Classification,
Pradu Hang Dam Thai Native Chicken
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(Artificial Intelligence: Al) Anasdiunuimeagisuinlu
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$arndoya udianuiduunlilunisiinsed
mannsal vietuindeudwing q Witullygyruseivs
nsBeuivesaiesasailuldenlivateguuuy
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n1smsdeyadie 255 dmsudeyaszuteandu 3
yn laun gadayadniunisiieus (Training set)
Yatayad1niunsIaasy (Validation set) azyn
Toyad1msunisnaasy (Test set) lngnaasy
lultpamleensiglu 80:10:10 Yinn15a3514
aonenssunaznageulunasiuiu 3 Ase udamn
Ade wazimuasuuseuiildluyssuiana 2
se6fu &efl 10 waw 20 50U (epoch) (U1 3)

55

(m) (1)

ao1tnunssuveslassnglssamifisniuu
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ToYANINYA

Accuracy =

Iﬁmﬁmuﬂiﬁmﬁwmﬂiﬂjgﬂéfau%amﬂ
(True Positive: TP) Lﬂu%’agaﬁﬁwmamaﬁu%’agaﬁq
Tunguiiddafionsan Ariineinsaigndeadsau
(True Negative: TN) Lﬂusﬁ'agaﬁﬁmwmqﬁu%ga
a3dlunguitlallifiansan Aiineinsaliianainids

(TP+TN) x 100
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Qﬂé}'anLﬁ@‘?@ﬂ53?1v1%mwmmmiﬁ’mwumiuLma

(1
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Huang et al. (2019) l¥lassteUsyamiisuiuunau
Tgdu duunun 27 3da wudn dadnuududn
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Architecture  Activation Time Epochs Accuracy (%) + SD Prediction
Function  (s) (%)
Training Validation Testing
LeNet-5 Tanh 243 10 2123+ 0.10 2316 +082 21.45+049 17.59 +0.57
414 20 22.14 + 043 2520+ 052 2272 +0.58 26.11 + 0.96
Relu 236 10 100 + 0.00 100 £0.00 9792+ 047 100 + 0.00
410 20 99.87 +0.14  99.48 + 0.52 98.66 + 0.51  95.65 + 0.47
AlexNet Relu 3,510 10 13.19 +0.04 885+049 14.73+098 13.04 +0.97
7,103 20 1556 £ 0.76 1043 +£ 051 1473+ 106 15.22+0.48
CNN1 RelLu 87 10 97.74 £ 0.82 9563+ 0.75 9687 +0.89 97.19 +0.14
163 20 97.01 £ 0.56 9858 +093 97.67+0.25 96.27 +0.44
CNN2 RelLu 94 10 9833 +£0.84 97.61 +£0.95 9793 +0.27 95.67 +0.59
178 20 98.44 £ 0.39 98.96 £ 0.78 98.48 £ 0.40 96.67 + 0.85
Goll way CNN2 Aldilsidunsedu ReLU anunsadanun
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